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Abstract  Purpose/Significance The quantitative analysis of political texts is an emerging interdisciplinary research
direction. From the perspective of the integration of text data and analysis methods this paper systematically summarizes
the latest developments in the quantitative research of political texts aiming to support practical guidance for future re—
search.  Method/Process Three main quantitative methods were summarized in the different ways of how political texts
were converted into data  then concluded their process characteristics and research tasks.  Result/Conclusion  The quanti-
tative research of political texts has developed rapidly in recent years which mainly studied the expansion of data re—
sources application of multi—domain methods and the tokenization method became increasingly popular. In the future
researchers can pay more attention to adopting more data sources for policy research the construction of political texts cor—
pus and validation of methods.
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